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─Abstract─ 
 

This study examines the financial technology (or FinTech) credit platform literature 

published between 2017 and 2022, as collected from the Scopus database. It follows the 

categorization of Imerman and Fabozzi, Lee and Shin, and Reiners for FinTech and 

credit platforms. In addition, this study follows the perceived risk classifications of 

Abramova and Bohme, Featherman and Pavlou, and Ryu. The significance of this study 

stems from the need for a comprehensive analysis of all FinTech credit platform types, 

their problems, and the gaps in the existing literature to guide future research. Therefore, 

this study focuses on the vertical business models of FinTech and its credit platforms. In 

doing so, it clarifies the relationships between perceived risk facets that could impact 
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FinTech credit platforms, identifies the causes of perceived risks, and compiles all 

proposed solutions to mitigate perceived risks from previous studies. In addition, the 

format and methodology of this study adhere to the Preferred Reporting Items for 

Systematic Reviews and Meta-Analyses (PRISMA) declaration, which includes four 

phases and a checklist of twenty-seven items. Using thirteen keywords, 1147 

publications were collected from the Scopus database, from which 123 papers fitted the 

PRISMA procedure employed for this study. This survey determined peer-to-peer 

lending and crowdfunding platforms to be the most popular platforms. Financial, 

operational, legal, security, and overall risks were determined to be the five most 

prominent aspects of perceived risk. The default risk factor appeared as the largest 

contributor to financial and other interrelated hazards among the risk factors. Thus, this 

work makes several significant contributions. It aids regulators in formulating laws and 

policies to manage, monitor, and control the FinTech industry. It provides useful insight 

to lenders and investors, particularly in assisting them to obtain clearer feasibility for 

investment into such platforms by defining potential perceived risks and their factors. In 

conclusion, it guides scholars in the pursuit of future investigations. 

Keywords: FinTech, Platforms, Credit, Crowdfunding, Peer-to-Peer, Perceived risk. 
 

1. INTRODUCTION 

The presence of technologies such as blockchain, artificial intelligence, big data, and 

cloud computing has converted traditional services into digital and electronic services. 

They contributed to improving electronic services, particularly financial services, which 

had a favorable effect on the spread of financial inclusion (Q. Liu et al., 2019; Niu et al., 

2020). In addition, mobile applications (m-banking) and web portals enabled financial 

institutions and banks to reach more consumers and increase their service offerings. In 

the future years, PricewaterhouseCoopers (PwC) predicts that 90 percent of banks will 

utilize mobile banking applications more than any other financial industry (Todorof, 

2018). Many FinTech advancements were developed using mobile and online 

technology. These developments are known as platforms. Thus, they increased 

consumer happiness, increased financial returns, and established a competitive 

advantage (Dawood et al., 2022c). 

Financial electronic services have expanded to provide customers with integrated 

payment, lending, investing, and insurance business models (Dawood et al., 2022b). The 

combination of financial services and cutting-edge technologies produced a new 

phenomenon known as financial technology or FinTech. According to Ryu (2018), 

FinTech is a disruptive financial service typically created by non-financial companies 

utilizing modern technologies as key factors. Generally, FinTech provides risk-reducing 

technologies (Gong et al., 2020), and its business models can alleviate difficulties in the 

financial markets (J. Liu et al., 2020). Gong et al. (2020) identified five FinTech 
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principles: low-profit margin, light assets, expandability, innovation, and simple 

compliance. 

Perceived benefits such as usefulness, simplicity of use, convenience, and economic 

rewards drive FinTech intents (Ali et al., 2021; Ooi & Tan, 2016; Ryu, 2018), which 

drives and stimulates the intention of users to accept and use electronic financial services 

via a mobile device. Due to the internet penetration rate, mobile penetration rate, 

availability of capital suppliers (investors or lenders), and unmet financial demands, 

FinTech is widespread (R. H. Huang, 2018). 

One of the most prominent FinTech business models is the FinTech credit platform. It 

provides low-interest, short-term borrowing to individuals or businesses, often small and 

medium-sized businesses, who seek capital to finance their projects or boost their 

operations (Lee & Shin, 2018; Reiners, 2018). These platforms attract businesses and 

investors because they provide the funds required for their operations and investment 

opportunities. These platforms typically involve three direct parties: the platform, the 

lenders, and the borrowers. Different parties involved may include a regulator, a credit 

bureau, and third-party guarantors. 

The FinTech market is one of the growing markets that has had phenomenal growth from 

2015 to the present, particularly in China, the United Kingdom, and the United States. 

China is one of the major markets for financial technology, particularly peer-to- peer 

lending, as it is essential to the growth of small and medium-sized businesses. According 

to Dawood et al. (2022b), FinTech investment increased from $12.2 billion in 2014 to 

$93 billion in 2021. (Ryu, 2018). In the first quarter of 2017, outstanding peer-to-peer 

loans hit US$140 billion, four times the US average (Chen et al., 2020). According to 

prior research, several perceived risks impede the spread and growth of technology 

adoption, including FinTech (Abramova & Bohme, 2016; Featherman & Pavlou, 2003). 

(Ali et al., 2021; Ryu, 2018). Featherman and Pavlou (2003) proposed seven perceived 

risk factors that influence electronic services: social risk, psychological risk, time risk, 

privacy risk, financial risk, performance risk, and total risk. In contrast, Abramova and 

Böhme (2016) described four types of perceived risks that affect bitcoin adoption, the 

financial risk, the legal risk, the operational risk, and the adoption risk. Ryu (2018) and 

Ali et al. (2021) identified the role of perceived risk in terms of financial, legal, 

operational, and security risk in South Korea and Pakistan, respectively, for various 

FinTech business models, including FinTech credit platforms. 

Hence, FinTech business models (innovations) confront several dangers that impede this 

industry's growth and expansion. Numerous research has explored these dangers, their 

components and causes, and offered various strategies to decrease and manage them. 

Nonetheless, this research disagreed on the categories of hazards, the causes that produce 

these risks, and the provided methods to lower the perceived risks. No prior research has 

unified the perceived dangers connected with FinTech credit platforms into a single 
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study, including the driving variables, causes, and solutions. This would enable 

researchers to further investigate the FinTech credit model and its acceptance and use in 

the financial technology industry and aid stakeholders such as regulators, financial 

institutions, FinTech startups, and investors in gaining a deeper understanding of these 

platforms and the perceived risks associated with them. 

Imerman and Fabozzi (2020) and Lee and Shin (2018) categorized FinTech business 

model perspectives as vertical or horizontal. Horizontal business models are further 

separated into functional and technological business models. Vertical business models, 

on the other hand, include payment, wealth management, insurance, lending, 

crowdfunding, and capital market. This study is predicated on the vertical FinTech credit 

business model, namely the lending (credit) business model. Reiners (2018) identified 

four FinTech lending business models: peer-to-peer or lending business models, 

crowdfunding business models, agency lending, and balance sheet lending. This study 

shall systematically review credit platforms utilizing Reiners’s (2018) classification. 

Furthermore, according to earlier studies related to the FinTech setting, the perceived 

risk components include (1) financial risk, (2) operational risk, (3) legal risk, (4) security 

risk, and (5) overall hazards Abramova and Bohme (2016), Featherman and Pavlou 

(2003), and Ryu (2018). Thus, this study aims to examine and synthesize all recognized 

dangers affecting FinTech credit platforms, including their components, causes, and 

recommended solutions. In addition, it seeks to define all FinTech credit platform types 

addressed in the literature. 

The present study poses the following questions based on a thorough review of the 

relevant literature: (1) what are the characteristics of perceived risks affecting FinTech 

credit platforms? (2) What common characteristics influence credit platforms and 

contribute to risk perception? (3) What methods are proposed to decrease the perceived 

risk affecting credit platforms? 

The next parts describe the literature review on FinTech credit platform kinds and 

perceived risk features, followed by the PRISMA technique employed by this research. 

The study then describes and analyzes the outcomes and findings. The section continues 

with a discussion of the limitations of the study. 
 

2. LITERATURE REVIEW 

This study is deemed unusual because it synthesizes all FinTech credit platforms, 

investigates and discusses all potential dangers that may influence these platforms, and 

then synthesizes the results. In addition, it describes the elements that influence these 

platforms. In addition, it identifies the gaps in the literature study on untapped platforms, 

providing researchers with new avenues for investigation. Moreover, it is a pioneer in 

comprehensively summarizing all FinTech crowdfunding platforms. 
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Imerman and Fabozzi (2020) highlighted the value areas for investors using the FinTech 

Ecosystem. This methodology enables investors to comprehend the FinTech context of 

developing technologies (vertical: payment, digital banking, wealth management, 

capital market, lending, crowdfunding, insurTech, propTech). In addition, they used the 

notion of digital transformation (people, organization, technology) in financial services 

to emphasize the benefits and hazards of FinTech (horizontal: regulatory, risk, funding, 

valuation, IoT, AI, Blockchain, etc.). Lee and Shin (2018) described five FinTech 

ecosystem components and six FinTech business models (payment, lending, 

crowdfunding, wealth, capital market, and insurance). In addition, they identified six 

difficulties facing the FinTech industry. Based on perceived risk theory, Featherman and 

Pavlou (2003) extended previous technology acceptance studies that focused on the 

benefits of adoption to include measures of negative utility attributed to technology 

adoption. They identified seven perceived hazards: performance, financial, time, 

psychological, social, and privacy risks. 
 

3. FINTECH CREDIT PLATFORMS 

3.1 Peer-to-Peer Lending Platforms (PTP) 

Peer-to-peer (PTP) lending platforms permit funding from a specific financial institution 

or an individual (an investor) and lend to a particular individual or business (Xie et al., 

2019). In addition, these platforms are distinguished from traditional lending by their 

immediate and direct access to funds without intermediaries (Ma et al., 2018a; Pan et al., 

2021; Xie et al., 2019). According to Xie et al. (2019), peer-to-peer (PTP) lending 

platforms provide borrowers with lower-interest loans than traditional financial 

institutions, while lenders obtain greater rates. In addition, these platforms have 

negligible operational costs because they do not accept deposits, are not subject to 

stringent banking laws and do not retain idle balances. The PTP draws small and 

medium-sized business owners, entrepreneurs, some low-income workers, and bank- 

rejected borrowers who lack collateral or guarantees (Ma et al., 2018a). Zopa is the first 

P2P lending platform in the world, launching in the United Kingdom in 2005. Like 

Prosper PTP in the US in 2006 and PPDai in China in 2007, PPDai is a lending platform 

(Yan et al., 2018). Indonesia is one of the nations that have successfully established the 

financial technology business, focusing on PTP lending and utilizing it to stimulate the 

financial market. In Indonesia, PTP lending platforms are experiencing robust growth. 

According to (Santoso et al., 2020), the Indonesia Financial Services Authority has 

registered and monitored 99 platforms. By the end of 2019, $1,758 million had been 

distributed to over 5 million borrowers and 267 thousand lenders. According to Han et 

al. (2020), the number of PTP lending platforms in China reached 6591 by January 2019. 

In addition, the volume of PTP loans reached 14.42 billion Chinese yuan. The global 

market for PTP lending is anticipated to reach US$460 billion in 2022, representing a 

growth rate of 51.5% compared to 2015. (Tritto et al., 2020). 
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3.2 Agency-Lending Platforms 

In the United States, Germany, and Korea, the agency-lending or notary-lending model 

offers loans to borrowers comparable to peer-to-peer lending, except that the loans 

originated from banks (BIS, 2017; Reiners, 2018). The lender purchases bank loans and 

sells them through a platform to the borrower. According to BIS (2017), the lender does 

not bear the credit risk on loans. This platform charges greater loan collection costs to 

borrowers or investors with a higher risk profile. In addition, these platforms do not 

engage in lending to prevent any financial law infractions (BIS, 2017). The loan on these 

platforms is typically secured. According to BIS (2017), FinTech lenders in the United 

States partner with some depository institutions to offer loans without acquiring a 

separate state license. Fidelity and Sharegain are two examples of platforms for agency 

lending1. 

3.3 Balance Sheet-Lending Platforms 

Balance sheet lending platforms originate and hold loans on their balance sheets (BIS, 

2017). The platform determines whether or not to fund (Reiners, 2018). Hence, the 

lending procedure is direct, and the platform functions as a bank. According to BIS 

(2017), these types of platforms are more prevalent in the United States than in other 

countries for a variety of reasons, including (1) the development of the FinTech credit 

industry; (2) the reliance on balance sheet lenders on capital sources (e.g., debt, equity); 

and (3) the use of securitizations to fund originations (BIS, 2017). Additionally, BIS 

(2017) revealed that institutional investors are the primary source of capital for these 

platforms in Australia. These systems are often maintained efficiently and with low risk2. 

These platforms are popular in the United States. OnDeck, established in the United 

States, is an example of a platform for balance sheet lending3. 

3.4 Crowdfunding Platforms 

FinTech crowdfunding platforms permit lending funds from a group of individuals or 

corporations to a specific individual or business. These platforms take numerous shapes 

based on the nature of the loan's intended purpose (Dawood et al., 2022b). There are 

several subtypes of FinTech crowdfunding platforms: equity-based, reward-based 

(Garcia-Teruel, 2019; Lee & Shin, 2018; Liang et al., 2020; Ryoba et al., 2020; Vismara, 

2019), lending-based, donation-based (Cicchiello & Kazemikhasragh, 2022; Ryoba et 

al. 2020; Garcia-Teruel, 2019; Mohammadi & Shafi, 2018; Vismara, 2019). 

Equity-based crowdfunding platforms enable entrepreneurs to attract investors (lenders) 

by offering equity stakes in their (entrepreneurs') startups. In the United Kingdom, 20% 

of all early-stage equity investments are made using equity-based crowdfunding 

 

1 
Retrieved from https://capitalmarkets.fidelity.com/fidelity-agency-lending and https://sharegain.com/ (accessed on 5th of Sep 2022). 

2 
Retrieved from https://crowdfunding-platforms.com/balance-sheet-lending (accessed on 5th of Sep 2022). 

3 
Retrieved from https://www.ondeck.com/ (accessed on 5th of Sep 2022). 

https://capitalmarkets.fidelity.com/fidelity-agency-lending
https://sharegain.com/
https://crowdfunding-platforms.com/balance-sheet-lending
https://www.ondeck.com/
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platforms (Walthoff-Borm et al., 2017). According to Cumming et al. (2021), the market 

for FinTech equity-based crowdfunding is expanding exponentially as investors (the 

lenders) and entrepreneurs face fewer obstacles (the borrowers). Equity-based 

crowdfunding platforms have three stakeholders: the platform, the entrepreneurs, and a 

collection of investors known as the crowd (Reichenbach & Walther, 2021). 

Equity-based crowdfunding is distinct from other forms of crowdsourcing since its 

capital contributions are motivated by profit-seeking (Liang et al., 2020; Mamonov & 

Malaga, 2019). Moreover, investors, the equity holders, in early-stage ventures have 

unpredictable liquidity horizons and a greater chance of investment loss (Mamonov & 

Malaga, 2019; Shafi & Mohammadi, 2020). According to Cicchiello and 

Kazemikhasragh (2022), the equity-based crowdfunding market in Latin America and 

the Caribbean grew significantly and reached $19.16 million in 2018. (LAC). Brazil 

($12.1m), Mexico ($3.7m), and Chile ($2.63m) are driving the equity-based 

crowdfunding industry in Latin America and the Caribbean, followed by Colombia 

($0.24m) and Argentina ($0.23m). Broota, StartMe Up, EqSeed, and EuSocio are Brazil's 

four most popular equity-based crowdfunding platforms. In contrast, PlayBusiness, 

Mexico's largest equity-based crowdfunding platform, led the market and channeled over 

$117.38 million from over 15,000 users, 2000 start-ups, and over 82 funded projects. 

Normally, the objective of reward-based crowdfunding platforms is to finance a project. 

The borrower (project creator) determines the interest rate or the reward to the funders 

(lenders or investors or project backers or contributions) and can select any repayment 

guarantee within a specified time frame (Lee & Shin, 2018). Investors (project backers) 

invest in a project for a perceived reward, not for stock. For instance, project backers 

may receive a football game ticket or a discount on an electronic device. According to 

Cicchiello and Kazemikhasragh (2022), a reward-based crowdfunding platform is meant 

for projects in the arts, music, games, design, and technology; however, project backers 

are rewarded with a non-monetary prize based on the amount of money they contributed 

to the project. Kickstarter is the largest crowdfunding platform focused on rewards, with 

over US$3.5 billion raised and over 14 million supporters. Moreover, Indiegogo is the 

second largest platform for reward-based crowdfunding, with over 9 million supporters 

backing over 800,000 projects. Via crowdfunding lending platforms, backers receive 

fixed interest rates on their investment amount in addition to their initial investment 

amount (Garcia-Teruel, 2019; Vismara, 2019). The mortgages are secured by the 

borrowers' real estate properties (Jiang et al., 2020). FundingCircle is an instance of one 

of these sites. 

Donation-based crowdfunding platforms encourage donors to contribute to particular 

causes, such as emergencies and critical moments. Normally, these platforms are utilized 

for social and charitable objectives, and donors do not anticipate receiving anything in 

exchange (Cicchiello & Kazemikhasragh, 2022). These platforms are driven by donor 
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choices, intrinsic and extrinsic motivation, goal duration, storytelling capabilities, and 

other factors (Behl et al., 2021). GoFundMe.org, Gogetfunding, and GiveForward are 

examples of sites of this type. Crowdfunding based on invoice trading helps institutions 

and businesses overcome financial crises or delays in collecting dues. According to 

Garcia-Teruel (2019), a company might sell reduced bills to investors instead of waiting 

for invoices to be paid to get funds instantly. Beneficiaries consider these platforms as a 

means to swiftly get money in exchange for a percentage of the overdue amounts owed 

to lenders4. MarketFinance and Smart4Tech are examples of platforms of this type. 

Around £2 million worth of invoices is funded using invoice trading crowdfunding 

platforms (Vismara, 2019). Patronage-based platforms are uncommon, and the funders 

or backers are often considered philanthropists who anticipate no immediate return on 

their gifts or contributions (Liang et al., 2020). The crowdfunding platform Patreon is an 

exceptional example of a patronage-based platform. They fund independent researchers 

and creative individuals. On Patreon, a patron gives a small amount recurring to support a 

person or project for a predetermined amount over a certain period. 

Social crowdfunding is prevalent in the Arab culture, where collaboration and trust 

among community members motivate individuals to assist one another5. Funding for 

social-based platforms is often informal and not governed by a legal structure. Pratono 

et al. (2020) defined social-based crowdfunding platforms as those that fund a social 

initiative or solve a social issue. These initiatives include both for-profit and non-profit 

endeavors. (Rey-Mart et al., 2019) Social enterprises are unattractive to traditional 

lenders and investors because their goals conflict with maximizing profits. SociallyGood 

platform raises funds for social projects, the Impact Guru platform raises funds for 

medical emergencies, the Milaap platform raises funds for healthcare, education, disaster 

relief, sports and various other causes, and the Impactify platform is a for-profit social 

venture that leverages advanced technologies to connect non-government organizations 

(NGOs) with corporations and sponsors6. 

In real estate, investment-based crowdfunding platforms play an important role 

(Borrero-Domnguez et al., 2020; Garcia-Teruel, 2019). These platforms promise to give 

retail investors with housing investment opportunities. In 2012, they emerged in the 

United States and expanded globally. Depending on the nature of their investment, 

investors receive corporate profits (profit-sharing), stocks, or bonds (Yang et al., 2020a). 

In this crowdfunding, contributors (lenders) receive firm profits (profit-sharing), shares, 

or bonds in exchange for their contributions. There are three major actors in this type of 

platform: the project promoter (who owns the idea), the individuals (lenders or 

investors), and the crowdfunding platform itself (the intermediary). The site promotes 
 

4 
Retrieved from https://marketfinance.com/business-finance/what-is-invoice-trading and https://smart4.tech/invoice-trade-finance-platform/ 

(accessed on 5th of Sep 2022). 
5 

Retrieved from https://researchwhisperer.org/2017/08/15/patreon/ and https://www.patreon.com/ (accessed on 5th of Sep 2022). 

6 
Retrieved from https://thecsrjournal.in/4-csr-platforms-making-things-simpler-for-non-profits/ (accessed on 5th of Sep 2022). 

https://marketfinance.com/business-finance/what-is-invoice-trading
https://smart4.tech/invoice-trade-finance-platform/
https://researchwhisperer.org/2017/08/15/patreon/
https://www.patreon.com/
https://thecsrjournal.in/4-csr-platforms-making-things-simpler-for-non-profits/
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the projects and gives investors with information about them. It concludes all financial 

transactions, formalities, and other procedures and formalities (Garcia-Teruel, 2019). In 

the United States, the Miplace investment-based crowdfunding platform is an example 

of this type of crowdsourcing7. 

Kim et al. (2020) explored the role of crowdfunding in funding tourism-related 

industries, including hospitality, sustainable tourism, and travel and tourism. Ordinarily, 

tourism Crowdfunding platforms specialize in helping tourism projects worldwide, such 

as hospitality, sustainable tourism, travel, and tourism, with the goal of attracting 

tourists. Travel and tourism are among the world's greatest economic sectors, accounting 

for 10.4% of the global gross domestic product and supporting one in ten jobs 

worldwide. According to Flórez-Parra et al.(2020), 6% of Colectual crowdfunding 

platform finance in Spain is allocated to the tourism industry. In 2016, the Korean 

government provided approximately US$133 million as a crowdfunding accelerator (S. 

Kim & Kim, 2017). As a result, crowdfunding rose by over 60 percent in 2017, 

suggesting that crowdfunding platforms are effective fundraising solutions for startups 

and entrepreneurs. The TravelStarter platform is an example of tourism-related 

crowdfunding because it promotes travel ideas and projects8. Initial coin offerings 

(ICOs) are developing phenomena in which projects raise capital to establish 

blockchain-based enterprises, according to W. Huang et al. (2018). ICO is a 

decentralized way of project finance in which money (or tokens) are issued to online 

project backers. Moreover, ICOs, the digital means of exchange for value based on 

blockchain technology and crypto assets (e.g., Ethers, Bitcoins), can operate 

autonomously and trade among backers. In addition, these ICOs can be traded between 

investors and converted into other currencies. In countries with ICO-friendly rules, the 

availability of crowdfunding platforms also plays a crucial influence in the emergence 

of ICOs. These platforms include Companisto and KickICO as examples9. 

3.5 Perceived Risk Facets 

Despite the advancement and development of FinTech and the growth of its market, 

certain elements must be implemented to accelerate its spread. Among these elements is 

the perception of risk, which is one of the factors influencing the acceptance and use of 

FinTech as a whole (Abramova & Bohme, 2016; Chan et al., n.d.; Chao, 2019; Dawood 

et al., 2022a; Ryu, 2018). More often than not, perceived risks result in negative effects 

that impede the prevalence of the technology. 
 

 

7 
Retrieved from 

https://www.miplace.org/4a74bb/contentassets/2d3428edcfaa45648312519f75714f24/investment_based_crowdfunding_guide_4.pdf (accessed on 5th 

of Sep 2022). 
8 

Retrieved from https://www.gonomad.com/6112-crowdfunding-where-creative-travel-ideas-become-reality (accessed on 5th of Sep 2022). 

9 
Retrieved  from  https://www.companisto.com/en/academy/recht-steuern-und-hilfsthemen/ico-funding-wenn-crowdfunding-auf-die-blockchain-trifft 

and https://pixelplex.io/work/ethereum-based-platform-for-crowdfunding-and-icos/ (accessed on 5th of Sep 2022). 

https://www.miplace.org/4a74bb/contentassets/2d3428edcfaa45648312519f75714f24/investment_based_crowdfunding_guide_4.pdf
https://www.gonomad.com/6112-crowdfunding-where-creative-travel-ideas-become-reality
https://www.companisto.com/en/academy/recht-steuern-und-hilfsthemen/ico-funding-wenn-crowdfunding-auf-die-blockchain-trifft
https://pixelplex.io/work/ethereum-based-platform-for-crowdfunding-and-icos/
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Financial loss due to fraud (Featherman & Pavlou, 2003; Ryu, 2018) or error (Chan et 

al., n.d.) or financial transaction malfunction or moral hazard or extra transaction costs 

can all contribute to the financial risk aspect (Ryu, 2018). 

According to Featherman and Pavlou (2003), operational risk is a performance risk. 

They described it as the potential that the product will malfunction and fail to perform 

as intended, hence failing to provide the expected benefits. In addition, operational risk 

is regarded as a possible loss resulting from the failure and inconsistency of internal 

processes, personnel, and systems, impeding product uptake and utilization (Ryu, 2018). 

Legal risk is perceived as a result of a lack of legal clarity and product regulation 

(Abramova & Bohme, 2016; Ryu, 2018). Often, a lack of regulations regarding financial 

loss and information or transaction security causes legal risk. Featherman and Pavlou 

(2003) defined security risk as losing control over users' personal information when it is 

exploited without their knowledge or consent to conduct fraudulent transactions. When 

all other risks are analyzed together, the real risk is a broad measure of danger 

(Featherman & Pavlou, 2003). 
 

4. METHODOLOGY 

Systematic reviews provide a variety of important tasks, and synthesis analysis 

represents the state of knowledge in a certain topic. They answer questions that 

individual studies cannot answer and then indicate research issues that can be addressed 

in the future. In addition, they assess hypotheses and develop diverse forms of 

knowledge. This study utilizes the PRISMA 2020 (Preferred Reporting Items for 

Systematic Reviews and Meta-Analyses) protocol statement to deliver a transparent and 

scientific literature analysis of FinTech credit platform technologies. PRISMA enables 

systematic reviewers to report why the review was conducted, what the authors did, and 

what they found transparently (Page et al., 2021). 

A systematic literature review has four scientific steps10 according to the PRISMA 

protocol: identification stage, screening stage, eligibility stage, and included or extracted 

stage (Salama et al., 2016). This study uses different software for each phase. 

4.1 Information Sources and Research Strategies 

Based on the retrieved data from the Scopus database on March 6, 2022, this study 

employed Scopus to achieve its aims. It utilized 15 keywords to extract indexed articles 

from the Scopus database (Figure 1). Initial extraction of records from the Scopus 

database revealed a population of 1147. 
 

 

 

 

 

10 
Reterived from https://learning.edanz.com/prisma-flow-diagram/ (accessed on 15th of Feb 2023). 

https://learning.edanz.com/prisma-flow-diagram/
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Figure 1. PRISMA Protocol, A Systematic Literature Review 
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This research technique is to identify all Scopus-indexed articles published between 

2017 and 2022 that mention any FinTech credit platform. The approach of the present 

study was achieved by applying PRISMA's 4 phases. Articles per journal, total articles 

(records) per each FinTech credit platform, full articles (records) per each type of 

perceived risk, factors that affect each perceived facet for each FinTech credit platform, 

and proposed solutions to mitigate the perceived risk facet in each FinTech credit 

platform are the expected outcomes of the PRISMA statement. In addition, Mendeley 

software (version 2.77.0, 2022) is used to index and maintain the selected articles, NVivo 

software (version 1.6.2) is used for effortless coding and text research, and Microsoft 

Excel is used for descriptive and statistical analysis. In addition, NVivo guarantees that 

the selected articles' context and criteria follow the PRISMA protocol. 

4.3 PRISMA 4 Phases 

4.3.1 Identification Phase 

Publish or Perish software extracted information from the Scopus database using 15 

keywords. The records are then exported to the Mendeley program to be filtered and 

checked for duplicates and missing information. Since author information is required, 

any record with no author will be removed. Also, duplicate records will be eliminated. 

4.3.2 Screening phase 

The selected records are then exported to Microsoft Excel for additional abstract, title, 

and keyword analysis. The inspection includes locating "financial technology" and 

"credit platform: loan" Any records lacking these terms in their title, abstract, or 

keywords will be ignored. All records will be screened via Microsoft Excel. 

4.3.3 Eligibility phase 

This study considers only the journal articles and those published in journals with 

quartiles Q1 and Q211. In addition, all records whose articles could not be downloaded 

as PDF files are rejected. 

4.3.4 Included phase 

The final process consists of manually inspecting each record to ensure that each record 

(file) discusses at least one perceived risk or credit platform specified in the background 

section. Included are documents that explore more than one perceived risk or more than 

one FinTech lending platform. 

4.3.5 Synthesis Method 

This study consists of non-duplicated records (indexed papers) with complete author 

information collected from the Scopus database using 15 keywords to identify 
 
 

11 According to https://www.scimagojr.com/ . 

https://www.scimagojr.com/
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documents that discuss the FinTech credit platform and its perceived risk. The selected 

records must have a combination of the terms FinTech and Credit platform or loan and 

must be journal papers with a Q1 or Q2 quarter. The picked articles must be downloaded 

and mention at least one FinTech credit platform and one perceived risk aspect. 

4.3.6 Certainty Assessment 

All extracted records are indexed and obtained from the Scopus database, giving the 

current study a high level of confidence regarding the selected articles. 
 

5. RESULTS AND DISCUSSION 

5.1 4.1. PRISMA 4 Phases of Input and Output 

Figure 2. PRISMA Inputs and Outputs Infographic 

Figure 2 and Table 1 indicate the total number of Scopus database records extracted. 

The total number of records that matched the keywords was 1147, and after 4 phases 

of filtering, 125 records remained. The total number of selected records for this 

investigation is 123 index articles. In addition, 93 selected articles are categorized as 

Q1, while 30 are classified as Q2. The top four journals are Sustainability 

(Switzerland), with 10 publications. Electronic Commerce Research, Electronic 

Commerce Research and Applications, and Emerging Markets Finance and Trade with 

six articles apiece. 
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Table 1. Total Publications Per Journal 
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Journal Total Publications Journal Total Publications 

Academy of Management Perspectives 1 Information Systems Research 2 

Accounting and Finance 1 International Journal of Electronic Commerce 1 

Annals of Operations Research 2 International Journal of Production Research 1 

Applied Economics 1 International Review of Economics and Finance 4 

Applied Soft Computing Journal 2 Internet Research 2 

Asia Pacific Journal of Tourism Research 1 Journal of Applied Economics 2 

Asia-Pacific Journal of Financial Studies 1 Journal of Banking and Finance 2 

Aslib Journal of Information Management 1 Journal of Behavioral and Experimental Finance 1 

China Finance Review International 2 Journal of Business Research 1 

Complexity 1 Journal of Business Venturing 1 

Computational Economics 1 Journal of Consumer Marketing 1 

Computer Law and Security Review 1 Journal of Corporate Finance 3 

Data Technologies and Applications 1 Journal of Information Technology 1 

Decision Support Systems 1 Journal of Management Information Systems 4 

Economic Modelling 1 Journal of Simulation 2 

Electronic Commerce Research 6 Journal of Sustainable Finance and Investment 1 

Electronic Commerce Research and Applications 6 Management Science 2 

Electronic Markets 1 North American Journal of Economics and Finance 1 

Emerging Markets Finance and Trade 6 Online Information Review 1 

Environment and Planning A 1 Physica A: Statistical Mechanics and its Applications 3 

Eurasip Journal on Wireless Communications and Networking 2 PLoS ONE 1 

European Business Organization Law Review 2 Research in International Business and Finance 2 

European Business Review 1 Research Policy 1 

European Company and Financial Law Review 1 Review of Financial Studies 2 

European Economic Review 1 Small Business Economics 3 

European Journal of Finance 1 Sustainability (Switzerland) 10 

European Journal of Operational Research 4 Technological Forecasting and Social Change 2 

Note: Total Publications (selected articles:123). 
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5.2 FinTech Credit Platforms & Publications 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
Figure 3. Publications Infographic 

Note: Crowdfunding Patronage-Based and Invoice Trading-Based platforms =0 

Publications (Records). 

PRISMA 4 Phases produced 81 peer-to-peer lending articles, 39 crowdfunding pieces, 

three credit platform articles, and zero agent-based or balance sheet lending articles. In 

addition, the 39 publications on the credit crowdfunding model described nine types of 

crowdsourcing, as shown in Table 2 and Figure 3. There were no articles found 

connected to trading-based and patronage-based crowdfunding invoices. 

Table 2. FinTech Credit Platforms' Publications. 
 

FinTech Credit Platform Subtype Total Publications 

Peer-to-Peer lending (PTP)  81 

Crowdfunding Donation-based 2 
 Equity-based 13 
 Reward-based 6 
 Investment-based 9 
 Lending-base 2 
 ICOs-based 1 
 Invoice trading-based 0 
 Social-based 3 
 Tourism-based 1 
 Patronage-based 0 
 All types 2 

Agent-Based Lending  0 

Balance Sheet Lending  0 

All Types  3 
 Total: 123 
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Note: Total articles is based on articles published between 2017 and 2022 (Database: 

Scopus). 

5.3 FinTech Credit Platforms' Perceived Risk, Factors & Solutions 

Figure 4. Perceived Facets Publications Infographic 

Note: The calculation considers the total number of perceived risk facets discussed in all 

selected articles (123). A publication (an article) could discuss more than one type of 

perceived risk facet. 

Figure 4 demonstrates the number of publications per perceived risk facet for each 

FinTech credit platform. The below subsections discuss the perceived risk facets for each 

FinTech credit platform. 

5.3.1 FinTech Peer-To-Peer Platforms (PTP)' Perceived Risk, Factors & 

Solutions 

Table 3 demonstrates that most selected publications focused on the perception of 

financial risk and identified numerous contributing factors, including loan defaults, 

asymmetric information that leads to adverse selection and moral hazards, lack of 

liquidity, investment concerns, etc. In addition, additional perceived risks, including 

operational and global concerns, impact PTP lending platforms. Most researchers 

provided models for mitigating the perceived hazards of the PTP. The strategies 

recommended to manage the perceived risk are displayed in Table 4 according to the 

selected articles. 
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Table 3. Peer-To-Peer Platforms 
 

Risk 

Facet 

Risk Factors Most Common Causes Authors 

Financial 

risk 

Bankruptcy  Liu & Dong (2022); Li & Hasan (2020); Yan et al. (2018) 

 Capital risk  Yang et al. (2020) 

 Collateral and soft 

information 

The loan guarantee ratio, the loan dispersion degree, and the number of users 

in P2P 

Gao et al. (2018) 

 Information 

asymmetry 

Turbulent market, default rate, lack of guarantees ...etc. Li, Zhang & Hu (2021); Huang et al. (2021); Du et al. (2019); Galema (2020); Shao 

& Bo (2022); Liu et al. (2020); Zhang & Wang (2019); Chen et al. (2017); 
 Investment issues False information, asymmetric information, published information. Santoso et al. (2020); Ding et al. (2019); Li et al. (2020) 

 Lack of liquidity Lack of guarantees, lender could be not able to effectively evaluate the risk 

level of borrowers 

Chen et al. (2021); Yeo et al. (2020); Li et al. (2019); Yan et al. (2018) 

 Moral hazard and 

adverse selection 

 Zhang & Wang (2019); Yan et al. (2018) 

 Solvency  Yeo & Jun (2020) 

 loan defaults Unstructured information, moral hazard and adverse selection resulted due 

information asymmetric, low working capital, low collateral, agent problem, 

absence of authoritative credit agencies, slow return of capital, fragmentation 

of capital chain, bankruptcy, and liquidation of enterprises, gender, age, 

educational level, and 
monthly payment as well as other demographic characteristics …etc. 

Li et al. (2018); Moscato et al. (2021); Zhou et al. (2019); Cuiqing Jiang et al. 

(2017); Rongcai Hu et al. (2019); Gong et al. (2020); Pana et al. (2020); Ryoba et 

al. (2020); Lin et al. (2017); Wang & Tong (2020); Fu et al. (2019); Huang et al. 

(2020); Nigmonov et al. (2021); Gao et al. (2021); Tang (2019); Liu et al. (2019); 

Huang (2018); Li et al. (2020); Uddin et al. (2018); Gao et al. (2018); Ahelegbey et 
al. (2019); Zhou et al. (2020) 

Note: Part-1. 
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Risk Facet Risk Factors Most Common Causes Authors 

   Zhou et al. (2018); Au et al. (2020); Niu et al. (2020); Chen et al. (2020); Liu et al. (2019); Congjun Rao et al. (2020); 

Chen et al. (2021); Gao et al. (2017); Liang & Cai (2020); Bussmann et al. (2021); Ma et al. (2018); Zanin (2020); 

Yoon et al. (2019); Yao et al. (2019); Santoso et al. (2020); Galema (2020); Najaf et al. (2022); Vallee & Zeng (2018); 

Ma et al. (2018); Yu & Zhang (2021); Mou et al. (2020); Li et al. (2019); Xu & Chau (2018); Zhang & Wang (2019); 

Zhao et al. (2021); Zeng et al. (2017); Zhao (2020); Liang & He (2020); Wu & Zhang (2021); Chen, Dong, Liu & 

Sriboonchitta, (2019); Gu et al. (2019); Chen et al. (2020); Wang et al. (2021) 
Legal Risk Lack of governance  Paravisini et al. (2017) 

Operational Risk 

(Performance) 

Lack of guarantees  Chen et al. (2021) 

 Lack of liquidity False information Santoso et al. (2020) 

 Misappropriation of 

intermediary accounts 

 Li et al. (2019) 

 Moral hazards False information Santoso et al. (2020) 
 Technical failure  Han et al. (2020) 
 Transactions concerns  Jiang et al. (2018) 

Overall Risk Information concerns Information concerns Ryoba et al. (2020); Tong et al. (2019) 
 Market fluctuation  Li et al. (2019) 
 Sovereign risk   

 Multiple-Factors Fraud, lack or weak 

regulations, loss of 

investment 

Bardsley & Meager (2019) 

 Systemic  Ge et al. (2017); Ryoba et al. (2020); Li et al. (2018); Li et al. (2018); Wang et al. (2021) 

Note: Part-2. 
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Table 4. Proposed Solutions to Mitigate Perceived Risk on PTP Platforms 
 

Author(s) Risk Facet Proposed Solution to Mitigate Perceived Risk 

Li et al. (2018) Financial risk Information certifications 

Moscato et al. (2021)  A benchmark of machine learning approaches for credit score prediction 

Zhou et al. (2019)  A machine learning algorithm 

Cuiqing et al. (2017)  A two-stage method I to select an effective feature set containing both soft and hard information 

Rongcai Hu et al. (2019)  Borrowing rate measures such as contract elements, risk features, personal characteristics 

Gong et al. (2020)  CEOs with prior banking experience manage default risk better 

Pana et al. (2020)  Collaborative filtering- neural network Model (CF-NN model) 

Li & Hasan (2020); Ryoba 

et al. (2020) 

 Competition Risk Model 

Gao et al. (2018)  Comprehensive information and risk evaluation 

Li et al. (2021)  Controlling loan-level and borrower-level information 

Lin et al. (2017)  Credit risk evaluation model (characteristics of borrowers with low default risk are female gender, young adults, long working time, stable marital status, 

high educational level, working in large company, low monthly payment, low loan amount, low debt to income ratio and no default history) 
Wang et al. (2020)  De-guarantee policy 

Fu et al. (2019)  Default risk prediction evaluation model 

Huang et al. (2020)  Education level as signal 

Chen et al. (2017)  Elaboration likelihood model, ELM, and heuristic-systematic model, HSM 

Nigmonov et al. (2021)  Examine the impact of inflation and the interest rate on borrowers’ probability of default 

Gao et al. (2021)  Failure Prediction Model and Decomposition Methods 

Tang (2019)  FICO scores and Bank's information 

Yang et al. (2020)  Fuzzy Support Vector Machine algorithm 

Liu et al. (2019)  Good economic marketization 

Huang (2018)  Internet finance based on blockchain and decision tree algorithm 

Huang et al. (2021)  Low-cost message framing and high-cost signals (Message Framing Model) 

Li et al. (2020)  Measuring borrowers’ income, occupation, assets, and family connections. 

Uddin et al. (2018)  Model: A case-based reasoning (CBR) approach 

Liu et al. (2022)  Model: A multi-agent simulation 

Du et al. (2019)  Model: collective investment trait 

Gao et al. (2018)  Model: cost-sensitive model 

Ahelegbey et al. (2019)  Model: financial network models 

Au et al. (2020)  Model: semantic features of textual soft information 

Note: Part-1. 



INTERNATIONAL JOURNAL OF ECONOMICS AND FINANCE STUDIES 

Vol: 15 No: 01 Year: 2023 ISSN: 1309-8055 (Online) (pp. 160-199) Doi: 10.34109/ijefs. 202315109 

349 

 

 

 

Zhou et al. (2020)  Model: Gradient Boosting Methods (1) Gradient tree boosting (2) XGBoost (3) Lightz (4) CatBoost 

Zhou et al. (2018)  Model: LGD 

Niu et al. (2020)  Model: smote algorithm 

Chen et al. (2020)  Model: taste-based discrimination models 

Liu et al. (2019)  Model: three-stage game to investigate optimal risk control ability and corresponding optimal prices of P2P lending platforms under different 

tariffs and agents’ homing choices. 
Congjun Rao et al. (2020)  Model:2-stage Syncretic Cost-sensitive Random Forest Model 

Chen et al. (2021); Gao et al. (2017)  Model: forward-looking credit evaluation 

Liang et al. (2020)  Model: long short-term memory network 

Bussmann et al. (2021)  Model: network based explainable AI models 

Ma et al. (2018)  Network Loan Default Based on the Machine Learning LightGBM and XGboost Algorithms 

Ma et al. (2018)  Phone and APP usage patterns 

Liu et al. (2020)  Provide Information 

Yu & Zhang (2021)  PSO-based hybrid VSG methodology (PSO-HVSG) 

Li et al. (2019); Mou et al. (2020)  Regulations 

Xu & Chau (2018)  Regulations: a fund custody mechanism commercial banks function as a monitor of P2P platforms on behalf of investors 

Zhang et al. (2019); Gao et al. 

(2018) 

 Screening and Monitoring Capabilities 

Zhao et al. (2021)  SEIR model with time-lag 

Zeng et al. (2017)  Social networks 

Yan et al. (2018)  Soft information’ and social capital 

Zhao (2020)  Spark technology in wireless network environment 

Liang & He (2020)  Text-related soft information 

Ding et al. (2019)  The reputation mechanism 

Wu et al. (2021)  Using the initial credit ratings of borrowers to predict their default 

Chen et al., (2019)  Variable selection methods and descriptive model 

Li et al. (2020)  Venture capital certification 

Gu et al. (2019)  Venture capitalists (VCs) 

Chen et al. (2020)  Women on boards effectively mitigate securities fraud 

Paravisini et al. (2017) Legal risk Big-data-based risk surveillance system 

Han et al. (2020) Operational risk 

(Performance) 

Fuzzy Cognitive Map 

Note: Part-2. 
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Jiang et al. (2018)  Higher profits, operational efficiency and better risk management solutions 

Li et al. (2019)  Regulations 

Chen et al. (2021)  Third-party guarantees and trusteeship 

Ryoba et al. (2020) Overall 

risk 

Competition risk model 

Bardsley & Meager (2019)  Multiple factors: should have investment risk awareness, risk identification capability and experience of investing in non-principal guaranteed financial 

products, and be familiar with the Internet 
Tong & Chen (2019)  Provide information 

Li et al. (2019); Wang et al. (2021)  Regulations 

Note: Part-3. 
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5.3.2 Crowdfunding Donation-Based Platforms' Perceived Risk, Factors & 

Solutions 

This study found that two articles (Behl et al., 2021; Lacan & Desmet, 2017) highlighted 

the elements producing perceived financial risk; one article related to perceived security 

and privacy risk, while the other contains operational risk, as indicated in Table 5. Money 

laundering fraud and perceived transactions are important contributors to the perception 

of financial risk. According to Lacan and Desmet (2017), ease of usage is influenced by 

the perception of a transaction, which influences the attitude toward using these 

platforms. Simultaneously, hardware and software failure and reputation impact 

operational and security risk perception, respectively. Both studies proposed using 

artificial intelligence tools and a research approach to lessen the perceived hazards. 

Table 5. FinTech Credit Platforms' Publications 
 

Perceived Risk Facet Total Records (Articles) 

Financial risk 2 

Operational (Performance/Function) risk 1 

Security & privacy risk 1 

Note: Total articles are based on articles published between 2017 and 2022 (Database: 

Scopus). 

5.3.3 Crowdfunding Equity-Based Platforms' Perceived Risk, Factors & 

Solutions 

This study found that financial risk, operational risk, and overall risk are the most 

commonly perceived risks affecting this type of platform (Kleinert & Volkmann, 2019; 

Mamonov & Malaga, 2019; Mochkabadi & Volkmann, 2020; Mohammadi & Shafi, 

2018; Shafi & Mohammadi, 2020; Zetzsche & Preiner, 2018). The academics identified 

four risk factors: investment concerns, bankruptcy, loan defaults, and lack of liquidity. 

These factors lead to financial risk and are caused by adverse selection, moral hazard, 

and information asymmetry. Therefore, the researchers offered the following measures 

to mitigate these risks: governance, legal constraints, pre-investment due diligence, 

lending ties with banks, laws, and a concentration on enterprises led by experienced and 

educated management. Reichenbach and Walton (2021) asserted that screening and 

signaling could control the asymmetries in knowledge and the agency problem and lower 

operational risk. In contrast, the researchers discovered that agency concerns, execution 

issues, moral hazards, and adverse selection contribute to operational risk on equity- 

based crowdfunding platforms. According to Mamonov and Malaga (2019), the 

information asymmetry between entrepreneurs and potential investors causes these 

variables. In addition, the difficulty of executing or developing a product or service and 

implementing the company strategy and business model may present obstacles. To 

mitigate the operational risk of equity-based crowdfunding platforms, the experts 

suggested that investors create tight ties with the businesses they invest in. In addition, 
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they recommended possessing good managerial skills, product development, sourcing, 

production, marketing, and financial management to decrease operation risk. Market 

concerns (Kleinert & Volkmann, 2019; Mamonov & Malaga, 2019; Mochkabadi & 

Volkmann, 2020), moral hazard and adverse selection (Shafi & Mohammadi, 2020), and 

systemic risk all contribute to the overall risk (Zetzsche & Preiner, 2018). All scholars 

concurred and underlined that knowledge asymmetry is the primary cause of these 

problems. They have offered the following ways to control global risks: legislation, 

discussion boards and comments, and performance-tracking and decision-supporting 

data availability. 

5.3.4 Crowdfunding Investment-Based Platforms' Perceived Risk, Factors & 

Solutions 

This investigation uncovered six publications analyzing the influence of perceived 

financial risk on these platforms (Borrero-Domnguez et al., 2020; Garcia-Teruel, 2019; 

Langley & Leyshon, 2017; T. Wang et al., 2018; Y. Yang et al., 2020). Also, three 

publications on perceived operational risk were discovered (Garcia-Teruel, 2019; W. 

Wang et al., 2019; X. Yang et al., 2019a). Also, it identified three publications on 

perceived global risk (Bonini & Capizzi, 2019; Xie et al., 2019; X. Yang et al., 2019a). 

In addition, Table 6 displays one article on perceived legal risk (Garcia-Teruel, 2019) 

and one on perceived security and privacy risk (Zhang et al., 2018). 

The primary perceived financial risk issues for investment-based crowdfunding 

platforms are bankruptcy, lack of liquidity, market volatility, loan defaults, information 

concerns, perceived control, platform insolvency, and financial loss. In addition, 

knowledge asymmetries, the democratization of capital, and project quality are the 

elements that contribute to the occurrence of these problems. In addition, it was 

discovered that the financial risk harms investors, harms the project's objectives, leads 

to negative earnings and incentives, affects voluntary information sharing, and affects 

investors' confidence in these platforms. In addition, three of the six research 

recommended methods for mitigating the financial risk: (1) property as a guarantee and 

(2) Hu's model REIT are the two offered options by Garcia-Teruel (2019; 2017). In 

contrast, Y. Wang and Ng (2018) proposed their research model. In contrast, Borrero- 

Domínguez et al. (2020) suggested investment diversification. Other studies did not 

provide methods for reducing the perceived financial risk (Langley & Leyshon, 2017; 

X. Yang et al., 2019a, 2020). Three publications identified five causes of operational 

risk perception: lack of competence, lack of governance, lack of human ties, inaccurate 

projections, and project goals. The origins of these elements are many; for instance, 

Garcia-Teruel (2019) linked them to investors' overestimation, whereas R. Wang et al. 

(2019) linked them to poor education and the degree of information sharing. In contrast, 

X. Yang et al. (2019b) hypothesized that investors' disappointed expectations could be 

a plausible explanation. Two out of three publications presented methods to manage the 

perceived operational risk: Hu (2017)'s model REIT, which was proposed by Garcia- 
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Teruel (2019), and R. Wang et al. (2019) proposal .'s to increase or establish regulation 

and focus on education. 

Moral dangers and other aspects, such as temporal, physical, social, and psychological 

considerations, knowledge asymmetry, and information disclosure, play a key impact in 

the overall risk perception. These variables are influenced by project success rate, return 

on investment (ROI), and confidence. Bonini and Capizzi (2019) identified and 

advocated a single option, a fee-based remuneration structure. Y. Wang and Ng (2018) 

designed their study approach to lower the perceived risk to security and privacy. In 

contrast, T. Wang et al. (2018) identified four variables influencing the perceived 

security and privacy risk resulting from asymmetric information. They are information 

norms, project innovation, protection policy, and alternative quality. In addition, several 

factors influence voluntary information disclosure. Garcia-Teruel (2019) elucidated the 

impact of initial coin offering speculation (ICOs) on the perception of legal risk and 

proposed the model REIT to mitigate legal risk. 

Table 6. Crowdfunding Investment-Based Platforms 
 

Perceived Risk Facet Total Records (Articles) 

Financial risk 6 

Legal risk 1 

Operational (Performance/Function) risk 3 

Security & privacy risk 1 

Overall risk 3 

Note: Total articles are based on articles published between 2017 and 2022 (Database: 

Scopus). 

5.3.5 Crowdfunding Tourism-Based Platforms' Perceived Risk, Factors & 

Solutions 

This study found that only one article stated that the overall risk is associated with 

crowdfunding tourism-based platforms. According to M. J. Kim et al. (2020), funders' 

emotional or psychological deterrents, such as time, financial costs, human resources, 

knowledge/self-efficacy, adaptation to change, restrictions, and regulation, are positively 

influenced by the perceived overall risk. They recommended their research model to 

manage the perceived overall risk. 

5.3.6 Crowdfunding Social-Based Platforms' Perceived Risk, Factors & 

Solutions 

Most papers on socially motivated crowdfunding focused on perceived financial risk. 

Pratono et al. (2020) investigated the economic elements that impact financial risk. 

(Flórez-Parra et al., 2020) offered two solutions to the perceived financial risk: risk 

management and using metrics of solvency and profitability, such as loan characteristics: 

size and quantity of the loan or the devolution time. Two factors were identified by 
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Flórez-Parra et al. (2020): loan defaults and bankruptcy. Rey-Mart et al. (2019) analyzed 

the perceived security and privacy risk that impacted these platforms and emphasized 

the fraudulent component affecting the platform's reputation. In addition, they suggested 

substantial incentives and self-regulation manage the perceived security and privacy 

risk. 

5.3.7 Crowdfunding Lending-Based Platforms' Perceived Risk, Factors & 

Solutions 

The two discovered articles focused on perceived financial, legal, security, and privacy 

risks (Jiang et al., 2020). (Macchiavello, 2018). These studies elucidated the influence 

of investment decisions on lenders' decision-making, influencing investment behavior 

and resulting in the perception of financial risk. In addition, they identified two elements 

that affect the perceived legal risk: money laundering and terrorism financing. In 

addition, they described the fraudulent element resulting from asymmetries in 

information and adverse selection difficulties, which influences the perceived security 

and privacy risk. Jiang et al. (2020) discovered numerous strategies for mitigating 

perceived financial risk, including collateral, lender experience, home prices, and stock 

market performance. In contrast, Macchiavello (2018) recommended evaluating 

stakeholder information and strengthening regulations. 

5.3.8 Crowdfunding ICOs-Based Platforms' Perceived Risk, Factors & 

Solutions 

According to W. Huang et al. (2018), a systemic problem leads to overall risk; hence, a 

well-regulated digital economy is needed to manage this risk. 

5.3.9 Crowdfunding Reward-Based Platforms' Perceived Risk, Factors & 

Solutions 

Significant identified dangers affecting reward-based crowdfunding platforms were 

legal, operational, and overall threats. There was a correlation between perceived 

operational risk and project objectives (D. J. Cumming et al., 2019) and technical failures 

(Moon & Hwang, 2018; Roma et al., 2018; Ryoba et al., 2020). According to Moon and 

Hwang (2018), project failure is caused by inadequate technology or insufficient 

capacity for project implementation. In contrast, market concerns, moral risks, project 

objectives, and other linked elements such as technical, defaults, and illegal fundraising 

can result in a perception of overall risk (Belavina et al., 2020; Liang et al., 2020). 

According to D. J. Cumming et al. (2019), perceived legal risk is produced by avoiding 

regulatory investigations. They advocated Due diligence to control this perceived risk 

by reducing information asymmetry. While Moon and Hwang (2018) suggested 

increasing user trust to reduce the perception of operational risk, we propose a different 

approach. Liang et al. (2020) said that reward-based crowdfunding should integrate a 

relevant legal framework to regulate the perceived overall risk. In contrast, Belavina et 

al. (2020) suggested using consumer feedback to manage the perceived overall risk. 
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5.3.10 Crowdfunding All-Types Platforms' Perceived Risk, Factors & Solutions 

Theerthaana and Sheik Manzoor (2020) discussed information disclosure factors 

influencing the perceived overall risk and proposed an Agent-based model to manage 

the perceived risk. 

5.4 Synthesis Analysis 

One hundred twenty-three articles were collected from the Scopus database using the 

PRISMA procedure and used in this investigation. These articles covered at least one 

credit platform with at least one perceived risk type. Previous research has categorized 

perceived risk as financial, operational or performance, security and privacy, legal, and 

overall. Eighty-one articles centered on peer-to-peer lending systems, while forty-two 

papers addressed crowdfunding. Financial risk is recognized, explored, and discussed at 

the beginning of each article. It is the risk with the greatest influence on credit platforms. 

The default on loan is the primary cause of perceived risk. In addition, credit platforms 

are confronted with considerable information asymmetries. 
 

6. CONCLUSION 

This survey discovered peer-to-peer lending and crowdfunding are the leading vertical 

FinTech lending business models. Eighty-one articles out of 123 explored or highlighted 

the perceived risk of peer-to-peer lending systems. Currently, there are forty-two articles 

on the perceived danger of crowdfunding platforms. In addition, neither agency nor 

balance sheet lending was discovered in the articles included in this analysis. Moreover, 

three studies explored how all credit systems are affected by risk perception. More than 

ten types of crowdfunding platforms exist; nonetheless, the present analysis indicated 

that a greater emphasis on perceived risk influences equity-based (13 articles), 

investment-based (9 articles), and reward-based (6 articles) crowdsourcing platforms. 

Social-based (3 articles), lending-based (2 articles), donation-based (2 articles), tourism- 

based (1 article), and initial coin offering (ICO)-based are uncommon categories (1 

article). In addition, two pieces addressed the risk perception that impacts all 

crowdfunding platforms. Nevertheless, no articles were discovered for invoice trading- 

based and patronage-based platforms. Financial risk is the most prevalent perceived risk 

discussed in the selected articles. This investigation identified six papers examining the 

effects of financial risk on crowdfunding platforms. Simultaneously, peer-to-peer 

lending systems are the subject of extensive discussion over financial risk. The second 

perceived risk affecting the credit platform is the operational or performance risk. The 

total risk is the third form of perceived risk described in the selected articles for this 

study. Yet, according to this analysis, few articles explored or highlighted the legal risk 

that could affect credit systems. Interestingly, security and privacy problems associated 

with peer-to-peer lending credit systems received little attention. Loan defaults, 

asymmetries in the knowledge that leads to adverse selection, and moral hazards are the 

most frequent causes of various types of perceived risk. On the forum for peer-to-peer 
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lending, loan failures were avidly and extensively debated. However, additional factors, 

such as insolvency, lack of liquidity, systemic and technological failure, transaction 

concerns, market concerns, and agency issues, influence credit platforms and contribute 

to various types of perceived risk. 

Models comprised the majority of proposed methods to mitigate the perceived risk of 

peer-to-peer lending systems. In contrast, academics have offered many strategies for 

addressing the perceived risk that affects crowdfunding sites. These strategies were often 

presented to address the soft and complicated information of projects or borrowers to 

control asymmetric information. Moreover, restrictions were suggested to limit the 

moral hazard of investors. Peer-to-peer lending platforms are the top trending credit 

platforms covered in the review of related literature. There are several publications on 

peer-to-peer lending platforms worldwide, particularly in China. In contrast, equity- 

based, investment-based, and reward-based platforms are the most frequently addressed 

crowdfunding types in the literature. Loan defaults and information asymmetry are the 

primary challenges in all credit platforms and have been extensively studied. These were 

the primary contributors to the risk perception of credit platforms. The selected 

publications offered several strategies to manage the perceived risk impacting credit 

platforms. To monitor and predict the perceived risk affecting the peer-to-peer lending 

network, however, scientific models were the most prevalent approach presented. 

Additional recommended remedies, such as regulation, disclosure of information, 

managerial abilities, and other soft data, such as education levels, can also be utilized to 

predict the perceived risk. 
 

7. PRACTICAL CONTRIBUTION 

The research contributes in multiple ways to both the practical and scholarly realms. It 

is anticipated to aid FinTech regulators in developing the policy framework for FinTech 

credit platforms. In addition, it is anticipated to provide possibilities for investors, 

financial institutions, and FinTech startups to improve their FinTech innovations and 

better understand the various perceived risks of FinTech credit platforms. Finally, it 

clarifies the research gaps for future investigation. 
 

8. LIMITATIONS & FUTURE RESEARCH 

This study has significant drawbacks, such as its reliance on a single database (the 

Scopus database), which limits the number of papers searched. In addition, the data 

discovered has been processed for over six months. Thus, additional publications may 

not yet have been incorporated into this study. In addition, this study does not consider 

the interrelationships between perceived risk aspects and perceived risk factors. In 

addition, the current research solely analyzed the vertical FinTech lending business 

model and disregarded the functional and technological horizontal business models 

associated with vertical FinTech lending business models. Further research shall 



INTERNATIONAL JOURNAL OF ECONOMICS AND FINANCE STUDIES 

Vol: 15 No: 01 Year: 2023 ISSN: 1309-8055 (Online) (pp. 160-199) Doi: 10.34109/ijefs. 202315109 

357 

 

 

investigate Agency-lending and Balance-Sheet lending platforms and examine their 

perceived risk impact. Sensitive technology, such as cloud computing, blockchain, and 

artificial intelligence, can threaten financial stability. Hence, future research must be 

more deliberate in investigating the effects of security, privacy, and legal threats on 

credit systems. In addition, future studies in agency lending, balance sheet lending, 

crowdfunding invoice trading-based, and crowdfunding patronage-based are needed to 

analyze and explore their features and perceived risk patterns. 
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